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» Motivation: The hybrid, heterogeneous driving behavior and the complex inter- » Trajectory Data: (1)A new trajectory extraction software was built by integrating » Model results:
action behavior caused by the mixture of different vehicle types are some of the yolov7 and SFPF, a trajectory reconstruction algorithm previously developed by » Ten variables have a significant effect on conflict risk severity with a p-value
biggest challenges for automated vehicles and significant safety threats the team; (2)we obtained a complete set of 8160 trajectories with 185 interac- less than 0.1.
for vulnerable traffic participants in the center area of the intersection. tion event chain from two interactions in Shanghai. - | | .
: N Table 1: The significance variables from ordinal logistics Model (p < 0.05)
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Fig. 1: The center area of the intersection. T e et B A Al » We take the mean value of other variables and calculate the change in
» Challenges: a). Driving behavior in this area shows higher heterogeneity Fig. 3: Trajectory extraction and reconstruction based on Yolov7 and SFPF. the probability of a different conflict risk level when the observed variable
and non—stgtlona.rlty;. b). Conflict b_ehawor during mtgrac’uon s temporary » Extracting interaction event chain: Extracting the interaction process based on s changed by one unit.
and dynamic, which increases the difficulty of mechanism modeling. two dimensional TTC.
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video and created a mixed traffic flow trajectory dataset. (@) Driving direction (b) The behavior o (¢) Velocity 0
» A framework was established for analyzing the evolution of conflict risk with the O\ —— _ —— | —
interaction between MVs and NMVs and made sure the factor related to the » (25 Yit) 2L (Vs V) i =T . = s | =T
risk level significantly. (Vzit, vyie) (2:2,5:2) Trajeciory point <Gy L B T B 1
» The machines of interaction between MV and NMV are analyzed and the spa- _g— Trajectory point (%5415 Yjie—1) Sl O IR N — fw 1 1 =
- - - - - - - (@11, Yit—1) L . 2 II g I
tiotemporal variables are introduced to describe the interaction behavior. £ o : g o ' £ o |
) —0.15 A
= . X(m) -0.20 I —0.41 F -0.2 F
Flg " 4: The process Of Inte raCtIOn between MVS and N MVS e ttfl:ével of C(Etnéffict severtittCI};4 s e ttcIl:zevel of ct(t)érilict sevet;(i;{; e e tti_ével of C(Etr:fiict sevelrtitté};4 e
» Defining interaction variables: We categorize the potential influencing factors (d) Velocity of NMV). (e) distance from MV point. (f) Signal control.
Obtaining high-precision trajectory data . Camera calibration affecting the risk of vehicular conflicts according to driving direction, motion
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. : + variables variables related to the level of conflict risk were selected. Conclusion
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» The coefficients S and the severity grading points 7 of each influencing factor
were estimated using maximum likelihood estimation.
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Fig. 2: The flowchart of methodology
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